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Objective/Background

« Background: The image recapture attack is an effective image manipulation method, by
recaptunng the target image from display or other medium.

e RISK: Obtain personal Images illegally
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Methodology
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Experiment results show that the proposed architecture obtains state-of-the-art
performance on different types of recapture scenarios and image datasets attacked by
deep learning based demoire algorithm.

Model ACC(%) T | AUC(%) 1T | EER(%) | | AP(%)T | HTER(%) |
densenet]21 72.01 30.00 27.87 88.82 27.07
efficientnetb4 81.82 89.90) | 8.69 93.27 21.50
resnetS0 68.52 30.10 24.58 88.22 26.70
densenet169 69.12 83.92 22.89 91.22 25.28
densenet201 72.20 87.44 20.74 92.39 23.77
resnet101 64.06 74.30 30.23 86.91 29.75
resnetl52 72.58 90.86 15.95 93.07 23.02
resnet34 71.57 80.07 27.28 89.90 25.24
resnextS0 72.63 81.23 25.58 88.34 23.55
cdc network| 12] 77.52 85.90 21.33 91.06 25.19
siamese network]| 13] 82.20 87.34 17.59 89.92 17.60
branchl 79.84 01.51 15.33 04 87 16.31
proposed(3scale) 84.65 94.12 13.29 96.82 13.31

Model ACC(%) T | AUC(%) T | EER(%) | | AP(%) T | HTER(%) |
cthicientnetbd H4.62 T7.60 25.63 73.93 A5.37
densenetl121 G365 M. 06 15.01 8727 306,54
densenct 169 6584 0. 26 17.32 &9.66 a1.15
densenet201 G534 01.77 15.48 090,29 41.65
resnethl) hl.s1 BE.41 19.94 &6.62 3518
resnet1i)] 0382 ME2T 15.64 87.42 S6.17
resnet 152 6535 59,249 15.38 8870 34.64
resnextHil T2.63 #1.23 25.58 8854 23.55
proposed 84,31 90.59 15.14 92.51 15.65
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